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In this paper we give an extension of the results considered in [1] to the recursive 

algorithms. Recursive estimation is particularly useful in large sample size since the result can 
be easily updated with each additional observation. The structure of the estimate is similar to the 
recursive kernel estimate of density function introduced in [2, 3], and thoroughly examined in 
[4]. The estimate is constructed on a single realization of a Poisson process on fixed interval 

. Specificity of the statistic (1) is due to a random sample size. ],0[ T
Let { }TtNit ii ≤≤= 0,,1,  be a realization of a Poisson point process having 

unknown intensity function  on , where N is the number of points falling into , 

denote . Consider the following expression as an estimate of the function 
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where  is a sequence of real numbers, , ( ) 0↓nh ∞→nnh )(⋅K is a kernel function; let 0=NS  
if .  0=N
 Consider an asymptotic behavior of statistic (1) under following scheme of series: let series 
of observations are done on  with the intensity of the process in n-th trial equals to 
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where  and ( ) − respectively the number of observations and the realization of the process 
in n-th trial. 

nN int

Theorem 1 (asymptotic unbiasedness). Let the kernel )(⋅K  is a compact bounded real 

valued Borel function on  and ],[ TT− ,...;2,1=m)( ∀≤∫
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The theorem is proved. 
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